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REZUMAT

Primele progrese in colectarea data cu ajutorul tehnologiilor digitale au dus la un volum foarte
mare de date. Cea mai mare parte a informatiei de pe internet este formata din text nestructurat ai
semistructurat. Gasirea unor tendinte potrivite pentru analizarea documentelor text din volumul mare de
data - este o problema. Text mining este a proces extragere tendintelor triviale si nontriviale din volumul

mare de texte.

Propunerea acestui proiect de master este de a extrage informatii relevante, de a gasi tendinte, de
a analiza rezultatele din texte scrise de oameni, pentru a intelege comportamentul acestora. De altfel, este
foarte interesant sa intelegem cum influenteaza contextul informatiei stamentul emotional al persoanelor
care scriu acest text. Pentru rezultate mai detaliate s-a propus analiza textul scris de copii, deoarece acestia

sunt predispusi sa emitd emotii mai intense.



ABSTRACT

Fast progress on collecting data using digital technologies brought to very huge volume of data.
The most information on the internet consists unstructured and semi-structured text. Finding appropriate
trends for analyzing text documents from big volume of data — is a problem. Text mining is a process

about extracting interesting and nontrivial patterns from big volume of texts.

The propose of this diploma project is to extract relevant information, finding trends, analyze
results from preparing text written by people, for understanding their behavior. For more is very interesting
thing to understand how does the context of information affects emotional statement of people who write
this text. For more detailed results was proposed to analyze text written by children because they’re prone

to emit emotions more intense.
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Conclusion

During the analysis of the problem and the search for solutions it was assumed that the result
would be a model that can group words depending on the burst value of the text sequence. This was
partially executed, which shows us the top words of the WordCloud graphs. In 4 out of 5 clusters the

word violence predominates.

This can be caused by several reasons. The first reason could be that the word was written several
times with both minimum and maximum burst values. In this case it is necessary to perform BERT
vectorization which will take into account the written context compared to FastText. Another case may
be that the model configuration. Unfortunately at the moment there is no bigger data to apply

unsupervised learning with more massive information which could affect the results of the analysis.

After the execution of the work, I gained new knowledge in the field of research and analysis of
NLP methods, especially FastText and BERT vectorization. Both methods were compared in the result.
Knowledge of new text analysis tools was gained. For example with the help of VADER sentiment
analysis it is possible to check what is the status of a sentence or text sequence. In relation to BERT, the
result is more significant for this method compared to FastText. Conclusions were also drawn on the
importance of pre-processing the text. The initial dataset, having a line count of about 15000 lines, was

reduced to 4700 lines because most of the information did not correspond as relevant information.
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