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AHHOTALIUA

JIMTUTOMHBIN TTPOEKT MPEICTABIIeT COOON HCCIeIOBaHNUE KAlKaHOB B Ipoliecce cOopa U pa3BelOYHOTO
aHaJln3a JaHHbIX. AKTYaabHOCTh TEMBI 3aKJII0YACTCS B TOM, YTOOBI OTJIMYATH MPABAY OT JIXKH, KOT/Ia UJCT PeUb
0 cOOpe MaHHBIX, CTATHCTHKE, MOMYJISIIIAH, B3ATHIX BEIOOpKaX. Takke pacKphIBAIOTCS BOMPOCHI (HOPMUPOBAHUS
Y MaHUIYJIUPOBAHUS OOIIECTBCHHBIM MHCHUEM. L[e)1bi0 paboThI SIBISCTCS MMOMCK U BBISBICH HE TEX KAlKaHOB
U TaKXe paboTa ¢ BHIUMCITUTEIbHBIMH HHCTPYMEHTAMU, OEpsi B yUET HalICHHBIC KAalTKaHBbI.

B pabGore mpoBeneH aHaiaM3 JICHCTBUTEIBHBIX METOJOB Pa3BEAOYHOIO aHajIM3a JIaHHBIX,
UICHTU(DUIIMPOBAHBI KAalKaHbl M JIOKHBIC MYTH, MPCHMYIIECTBA M HEIOCTATKH U OOJIACTH TMPUMCHCHUS
Ka)KJI0r0 METO/1a. AHAJIOTUYHO ITPOBE/ICH 0030p METO0B cOOpa JaHHBIX, BHISIBICHBI KAIIKAHbI U YCTaHOBJICHA
CBSI3b MEXKIy KalkaHaMu cOOpa MaHHBIX M WX aHanmu3a. IS MpaKTHYeCKOro pEIIeHHs 3aJadd MOMCKa
KalKaHOB BhIOpaHa akTyallbHAas B HAIM JHU Tema, cBs3aHHas ¢ mangemueir COVID-19. Mcnonbs3oBaHbl
BBIYHMCITUTEIIbHBIC MHCTPYMEHTHI si3bIka Python, mpenHa3HaueHHbIC TSl KCCIIEI0BAHMSI CTATUCTHKY U TIOUCKA
BO3MOKHOM Hempasasl — pandas u matplotlib. Pabora Bkarouaer B cebst 3HaHMS U3 KypCOB Pa3BEIOYHOTO

daHaJIn3a JaHHbIX U BBIUMCIIMTEILHON CTaTUCTHKH.



REZUMAT

Proiect de master este studiul capcanelor in procesul de colectare si analizad exploratorie a datelor.
Relevanta subiectului este de a distinge adevarul de minciund atunci cand vine vorba de colectarea datelor,
statistici, populatie, esantioane prelevate. Sunt dezvaluite si problemele formarii si manipularii opiniei publice.
Scopul lucrarii este gasirea si identificarea acelor capcane si, de asemenea, lucrul cu instrumente de calcul,
tinand cont de capcanele gasite.

Lucrarea analizeaza metode valide de analiza exploratorie a datelor, identifica capcane si piste false,
avantaje si dezavantaje si domenii de aplicare ale fiecarei metode. In mod similar, metodele de colectare a
datelor au fost revizuite, au fost identificate capcane si a fost stabilitd o legatura intre colectarea datelor si
capcanele de analiza. Pentru o solutie practicd a problemei gésirii capcanelor, a fost selectat un subiect relevant
legat de pandemia COVID-19. Au fost folosite instrumentele de calcul ale limbajului Python, concepute pentru

a studia statisticile si a gasi posibile falsuri - pandas si matplotlib. Lucrarea include cunostinte de la cursuri de

analiza exploratorie a datelor si statisticd computationala.



ABSTRACT

This master degree project is the study of traps in the process of collectingand exploratory data analysis.
The relevance of the topic is to distinguish truth from lies when it comes to data collection, statistics,
population, samples taken. The issues of the formationand manipulation of public opinion are also disclosed.
The purpose of the work is to find and identify those traps and also work with computing tools, taking into
account the traps found.

This project analyzes valid methods of exploratory data analysis, identifies traps and false ways,
advantages and disadvantages and areas of application of each method. Similarly, data collection methods were
reviewed, traps were identified, and a link between data collection and analysis traps was established. Relevant
topic related to the COVID-19 pandemic has been selected for a practical solution to the problem of finding
traps. The computational tools of the Python language were used, designed to study statisticsand find possible
falsehoods - pandas and matplotlib. This project includes knowledge from courses in exploratory data analysis

and computational statistics.
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BBEAEHHUE

Pa3Be)IOI—IHI)H71 aHaJIu3 OTaHHBIX — NPEABAPHUTCIIBHOC HMCCICAOBAHNE OCHOBHBIX CBOWCTB JaHHBIX, IIOUCK
00X 3aKOHOMEPHOCTEH, XapakTepa, CBOWCTB, Pa3IM4Yhii U OCOOCHHOCTEH B 3aJaHHBIX WM CIyYalHBIX
MacCCHUBax JaHHBIX. HGJIBIO Pa3sBCAOYHOr0 aHali3da MOaHHBIX SABJICTCA HAXO0XIACHUC CBA3U MCKAY
MEPEeMEHHBIMH ITPH OTCYTCTBHH WH(OPMAIINH, XapaKTEPU3YIOIIEH UX MTPOUCXOXKICHHE.

Cy1iecTBYIOT OOLIETPUHSTHIE TPAKTUKU U MaTeMaTUYECKHe MOJIEH BeICHUS aHalln3a JaHHBIX — aHaJInu3
pacmpeieleH!i IepeMeHHBIX, KOPPEIAHOHHbBIN aHaan3, (aKTOPHbIN aHaINU3, TMCKPUMHHAHTHBIA aHAIIN3,
MHOTOMEPHOE IIKaJTUpOBaHUE, aHaN3 TucTorpamMM. OHAKO, MOXHO HCIIOJIB30BaTh 3TH METOJBI B IEISAX
oOMaHa ayauTOpUM W MAHHUIYJIMPOBAHUS  OOIIECTBEHHBIM MHEHHWEM. Pe3ynpTaThl  MOJ0OHOTO
HCCTIeIOBAaHUSL MOTYT BIUATH Ha BBIOOP OMPEEIICHHOTO MPOAYKTA MM KaHIUAATYPHL.

HGHBIO 3TOM pa6OTLI ABJIACTCA HUCCICOOBAHHUE BO3MOXHBIX CJIy‘-IElfIHLIX HJIM YMBIIUJICHHBIX KaIlKaHOB U
JIO)KHBIX MyTeH B pa3BeOYHOM aHAIM3€ JAaHHBIX, a TaK)Ke MOMCK PElIeHMs JUIsl aBTOMAaTU3allMi PacyeToB,

HUMCs B BUAY HCCICOAOBAHHBIC KallKaHBI.
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