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AHHOTALIUSA

B nannoit paboTre nMpoBOAMIIOCH MCCIIENOBAHUE CYIIECTBYIOIMMX HAa CETOTHSIIHUN JCHB
AJITOPUTMOB paCIIO3HABAHMA JINIA, UX TCOPETHICCKOC U MTPAKTUYICCKOC CPAaBHCHUE, 4 TAKIKC ObUTH
UCCJIeIOBaHbI TPOOJIEMBI, KOTOPHIE BO3HUKAIOT MPH pa3padOTKe MOJOOHBIX CUCTEM.

brumn mpoaHanu3upoBaHbl CyHIECTBYIOIIME OPEN-SOUrCe peanu3aluy JaHHBIX METOJIOB,
KOTOPBIE IT03BOJIMIIN MPAKTUYECKU CPAaBHUTH UCCIIEAyEMbIE B JAHHOH paboTe aJlrOpU TMBL.

B nanHoii paGote ObuM ommcaHbl MPOOIEMBI, KOTOPbIE BO3HUKIHU MPH MPAKTHYIECKOM
aHaJIM3€e aJrOpUTMOB PACIIO3HABAHMS JIUIA U MPEATIOKEHBI PEIICHU s, KOTOPbIe Obl MO3BOJIUIH
PELINTH JaHHbIE TPOOIJIEMBI



REZUMAT

In aceasti lucrare, a fost realizat un studiu al algoritmilor de recunoastere a fetei disponibili
in prezent, o comparatie teoretica si practicd a acestora, precum si problemele care apar in
dezvoltarea unor astfel de sisteme.

Au fost analizate implementarile open-source existente ale acestor metode, ceea ce a
permis o comparatie practica a algoritmilor studiati in aceastd lucrare.

Aceastd lucrare a descris problemele aparute in analiza practica a algoritmilor de
recunoastere a fetelor si a propus solutii care sa rezolve aceste probleme.



ABSTRACT

In this paper, a study of the current algorithms for face recognition, their theoretical and
practical comparison, and the problems that arise in the development of such systems were
investigated.

Existing open-source implementations of these methods were analyzed, which allowed us
to practically compare the algorithms studied in this paper.

This paper described the problems that arose in the practical analysis of face recognition
algorithms and proposed solutions that would solve these problems
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BBEJIEHUE

Ceroans (pyHKIMS pacrio3HaBaHUS JHI] UCIIOJB3YETCs sl obecrieueHus: 6e301MacHOCTH B
TenedoHax, HOYTOyKax, MacmopTax M IJIATEXHBIX NpuiokeHusX. Oxugaercs, 4YTO ITa
TEXHOJIOTUS KapIUHAJIBHO U3MEHUT PHIHOK TapreTUPOBAHHOU PEKIaMbl U YCKOPUT AUATHOCTUKY
orpeieEHHBIX 3a00eBaHMi. B TO ke BpeMs TeXHOJIOTUS HICHTU(UKALIMH UL TPEBpAILaeTCs B

HHCTPYMCHT IroCy1apCTBCHHOI'O JaBJIICHUA U KOpHOpaTHBHOﬁ CJIC)KKMU.

I/I3B€CTHO, YTO HOBOPOKACHHBIC ACTH ITPAKTUYCCKN C MOMCHTA CBOCTO MMOABJICHUA HA CBET
OTJIMYAIOT YEJIOBEYECKOE JIUI0 OT APYTHX OOBEKTOB, 3aT€M OYEHBb OBICTPO 3aIOMHUHAIOT JIMIIO
MaTepu M y4YaTcs paclio3HaBaTh YEJIOBEYECKHME HSMOLMHM. B TeueHue KU3HM ITOT HAaBBIK
COXPAHACTCA — MBI JICTKO OTJIMYAaCM JIMIld 3HAKOMBIX, 10 OAHOMY BBIPAKCHUIO JIMIA MOXKCEM
OTIPE/ICIUTh HACTPOCHHE YeIOBeKa. JIOTHYHO MPEIOI0KUTH, UYTO BCIIE] 33 APYTUMHU YMEHHSIMU
U ATy HaIIy CITOCOOHOCTh CO BPEMEHEM YUEHBIC IOJDKHBI ObUTH «OIU(POBATHY, YUTOOBI HAJIETUTh

€l MaIlIuHEL.

HcTopust u3yueHus MporpaMMHOrO pacnosHaBaHus jul TaHeTcsa ¢ 1960-x rogos. Yxke
TOrAa ObUIO MOHATHO, YTO JIMLIO MOXHO ONKCAaTh HA0OPOM MAapaMeTPOB, COBOKYITHOCTb KOTOPBIX
y Kaxaoro ueyioBeka OyJIeT CYIIECTBEHHO OTIMYaTbesA. Ecim 3arpy3uTh 3TH CBOMCTBa B
MPOrpaMMy U COTIOCTAaBUTh UX C UMeroLIencst 6a30ii hoTorpaduii, TO MOKHO HAUTHU COOTBETCTBHS
C BBICOKOH TouHOCTHIO. [IpoGiiema 3akiodanachk B TOM, YTO Ha TOT MOMEHT MEXaHHU3MBbI 3aXBaTa
auna 1no (GoTo WIM BHACO, a TAKXKE BO3MOXKHOCTH KOMIIBIOTEPOB IO CKOPOCTHOI 00paboTke
OO0JIBIIMX MAaCCUBOB HH(OpMaIlM1 HaXOAMJIMCh Ha HU3KOM ypoBHE. Ho y»e B To Bpems moTeHIuan

pa3pabOTKH OBUT OIIyTHM.

Lenb nanHoii pabotsl — MccnenoBanue 3a1ay, 115 KOTOPBIX HEOOXOIMMO HCIIOIb30BAHHE
JITOPUTMOB pacro3HaBaHus i, OnpenesieHHE NPEUMYHIECTB U HEJOCTAaTKOB KaxKJI0TO
aJIrOpuTMa, B YAaCTHOCTH, UACHTHU(UKAIUSA MPoOIeM, C KOTOPHIMH MOKHO CTOJIKHYTBHCS HpPH
pa3paboTKe CHUCTEM PacIO3HABAHMS JIUII, U ONPEAETICHNE BOBMOXHBIX PEIICHUHN [T yITyUIeHHS

KauecTBa pabOThl aJITOPUTMOB
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